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ABSTRACT 

 

Tumor segmentation of MRI brain images is a challenging problem still now. MRI brain images segmented 

method based on supervised technique but, here how to propose the MRI image segmented using clustering with 

artificial bee colony (ABC) algorithm. In this method, Threshold estimation is regarded as a search procedure 

that searches for an appropriate value in a continuous gray scale interval. Previous researches are 

classification techniques are based to segment neighbourhood system. In this proposed result are noisy images 

influence effective of this algorithm. Normally medical images are significant amount of noisy caused by 

operator or equipment and the patient environment who has taken the MRI images. 
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I. INTRODUCTION 

 

The quality, it depends on the images. Section by section to make it through a layer of images of the system and 

non-system images may perform different types of images. This method of performing MRI images of the 

image section. The ability to model magnetic resonance images (MRIs) of the brain tumor patient independent 

feature extraction and building system demonstration unit. Brain tumors or intracranial neoplasms (start), cancer 

(malignant) or non cancer can be; however, the definitions of malignant or benign neoplasms or cancer in the 

body are different from those used for other types of non-cancerous neoplasms. Although they can affect any 

area of the brain Primary (true) brain tumors are usually children and adults in the posterior cavity of the brain 

hemispheres of the brain is located in the anterior two-thirds. The term “fractal” from the Latin “fractus,” 

provides a useful tool for explaining a variety of naturally occurring phenomena [1]. A fractal is an irregular 

geometric object with an infinite nesting of structure at all scales. Fractal objects can be found everywhere in 

nature, such as in coastlines, fern trees, snowflakes, clouds, mountains, and bacteria. Some of the most 

important properties of fractals are self-similarity, chaos, and non-integer fractal dimension (FD).  Fractals are 

self-similar, which means that structures are repeated at different scales of size. The fractal dimension gives a 

quantities measure of self-similarity and scaling. In the middle of all childhood brain tumor in children under the 

age of 20 is one of the leading causes of cancer-related deaths, 54% to 70% of the posterior cavity (PF) areas 
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begins. In this region, the tumors, brain lesions are considered critical because of limited space in the rear 

cavity. Thus, the automotive division and PF tumor disease prediction and management is important for the 

treatment of childhood cancer. In this work, we harness MRI system features a tumor-PF tumors in the infant 

brain tumor MRI automatic segmentation and estimation technique [2] MRI images of brain tumors guide 

section is a challenging and time-consuming task. The manual is intended to be closer to the results of an 

automated system, to provide re-segmentations brain tumor sections. In addition, the segments of the white 

matter, gray matter, cerebrospinal fluid, and swelling. Surgical pathology and healthy structures of planning and 

intervention [4] is very important. 

 

II. COMPARATIVE STUDY ON DIFFERENT MRI BRAIN TUMOR IMAGES 

 

2.1 Fractal Analysis of Tumor in Brain MR Images. 

The purpose of this study is to discuss the fractal-based algorithms and brain magnetic response (MR) images of 

tumor to identify novel these guidelines is to propose improvements. Considerable research image analysis and 

pattern recognition [1] in various aspects of fractal geometry continue. Magnetic resonance images commonly 

associated with the systemic nature of the random nature of the noise and random to a degree. Tumor detection, 

we are fractal-based techniques and using fractal analysis models propose three steps to change. Each new 

method, pieces of brain MR images [3], many are divided. Thresholding pixel intensity values include for the 

first time. So, we (PTBC) call the technique piecewise threshold counting on the box. Then methods, seriously 

considered the third dimension. We respectively, improved piecewise change box counting (PMBC) and 

piecewise-triangular prism surface area (PTPSA) implementation methods. PTBC method, we map the intensity 

and fractal dimension between normal and tumor images can be found in the differences. Using the PMBC and 

PTPSA methods, we find and more accurate tumor in the brain MR images may be found. Thus, novel 

techniques are proposed to offer satisfactory tumor identification.   

 

2.2 Multiracial Modelling, Segmentation, Prediction and Statistical Validation of Posterior Fossa Tumors. 

The study proposed in this paper, we infant brain magnetic resonance images (MRIs) of tumor system to 

characterize and posterior cavity (PF) automated unit tumors exploit these features. PF patients, such as tumor 

size because we are focused on building the child. MRI appearance of different reasons, we are many, such as 

multi fractional Brownian motion (mBm), such as model building process and propose several fractions. In 

mBm, time-varying holder input system offers flexibility in modelling irregular tumor [4]. We have an extensive 

mathematical structure of mBm in two dimension wavelet coefficient based on the development and tissue 

organization of the brain MRI to evaluate a novel algorithm to propose fractal structure. Based multi-fractal 

feature MR image intensity and our existing piecewise-triangular prism surface area (PTPSA) using a method 

derived a typical fractal feature, along with the brain T1 in the PF tumor and non-tumor areas characterize fused 

in the ripple, D2, and player MP images, respectively. We are a non-patient-specific in terms of the images 

features automated tumor prediction scheme prove. We tested the automatic building of the intensity and the 

fraction of features and statistical estimation [3] the fractal structure of our novel tumor demonstrate the power 

of diversity. Prediction program to evaluate the performance of our building, we get ROCs curves of the low 

sensitivity and specificity of 1.0 to sacrifice demonstrated how seriously. PF automatic detection of tumors in 

experimental results, the child MRIs show the performance of these proposed strategies. 
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2.3 Fluid Vector Flow and Applications in Brain Tumor Segmentation. 

The study proposed in this paper, we capture range and poor convergence to concavities vector idquofluid 

problems flowrdquo (FVF) that invite active contour model and propose a new approach [5]. Synthetic images, 

the baby’s head MRI images, and brain tumor MRI, a large-scale capture and concave shapes, the ability to 

extract and, FVF gradient vector flow, border vector flow, and magnetic constant active contour of the three 

tests set techniques such as improvements demonstrates the cyber brain section of the brain from the images. 

 

2.4 Automatic Brain Tumor Segmentation by Subject Specific Modification of Atlas Priors. 

Magnetic resonance images of brain tumors guide section is a challenging and time-consuming task. The 

manual is intended to be closer to the results of an automated system, to provide re-segmentations brain tumor 

section. In addition, the segments of the white matter, gray matter, cerebrospinal fluid, and swelling. Division of 

Epidemiology and surgical planning and intervention is important to healthy structures. Magnetic resonance 

images using an expectation-maximization scheme of division is set up. An outer layer of the brain structures 

prior knowledge about the expert guided probabilistic atlas. This atlas will be calculated on the basis of contrast 

enhancement of brain tumor change the subject [5].  

 

2.5 Automated Segmentation Of MRI of Brain Tumors. 

Computer-assisted surgical planning and the use of advances image-guided neurosurgery growing technologies 

[1, 2, 3, 4, and 5] have changed. Precise anatomical three-dimensional (3D) models available significant 

structures (e.g, functionally significant cortical areas, and vascular structures) and pathological relationships 

improve the spatial information [6, 3, and 4]. Daily clinical practice, however, commercially available 

interoperative navigation systems only 3D models for regular use to identify the 2D cross sections (section) of 

the main structures of surgery by a trained operator product to devote time and effort to provide the level of data 

[3, 6]. This process significantly reduce the time for automatic separation methods and the value of intensity 

images and a 3D model of the skin, it is possible to practice such methods. 2D images, the main factor 

controlling the size and anatomy to accurately describe the location of objects, configuration information, and to 

see 3D views of the anatomic relationships of the process of making a difficult task and usually the doctor’s 

mind not carried out. Image processing tools to facilitate the understanding of the anatomy, surgery, during 

surgery, which is some what similar to the view shown on the 3D view of each other, provide information about 

the operation. For example, based on 2D images alone it is, the image acquisition (e.g, vascular tree) that to not 

align to the structure (mental) 3D visualization is very difficult.  

 

2.6 Segmentation of Brain Tumor Images Based On Integrated Hierarchical Classification and 

Regulation. 

For fast and accurate images of the brain tumor is an important but difficult task in many medical applications. 

In recent years, a number of approaches to various automated [1], but no significant inter-rater variabilities and 

manual section intra-great time despite the proposed consumption, automatic approaches, no one is yet in 

routine clinical use. However, neuroradiological evaluation module based on the diameter of the base of the 

brain tumor with the anticipated change, this is likely to change in the future. We have formulated an integrated 
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hierarchical classification-based brain tumor unit, a fully automatic mode. To separate healthy from pathologic 

tissues are not only the top, but it’s healthy tissues CSF subcategorizes, MRI, General Motors, and the flocks, 

and inflammation in active pathologic tissues in the box 

2.7 Efficacy of Texture, Shape, And Intensity Feature Fusion For Posterior-Fossa Tumor Segmentation 

In MRI 

Density in the brain [1] to characterize tumor from other tissues is an important feature. However, the use of 

active layer alone has been shown to be inadequate. Fractal dimension (FD) textured films and surface 

roughness [2] is a useful tool to characterize. FD in the brain [3] has been used to quantify the cortical 

complexity. Moreover, the system is obtained using a stochastic multifractional Brownian motion (mBm) has 

been shown to effectively model tumor in the brain [4]. In our previous works [4] – [7], we are actively, to 

discuss the usefulness of deposit, and mBm tumor segmentation ripple fractal structure features. However, for 

patients with poor MRI quality, texture and intensity features of PF tumor should prove sufficient. For these 

patients, another form of MRI can be useful as a tumor PF has improved. First Osher [8] Sethian level set 

method developed has applications in various fields. 

 

     TABLE 1 

  The table mention to the comparative study-MRI images 

S.NO NAME PROPOSED AUTHOR YEAR OF 

PROPOSAL 

INPUT 

PARAMETER 

TECHNIQUES 

USED 

1. Fractal analysis 

of tumor 

1.KhanM.Iftekharuddin 

2. Wei Jia 

3.RonaldMarsh 

2001 MRI images 3 modified 

algorithms are used 

1.PTBC 

2.PMBC 

3.PTPSA 

2. Multifractal 

modelling, 

fossa tumors 

1.Aliq Islam 

2.Bhuvaneswari Sivakumar 

3.Robert J.Ogg 

4.Fred H.Laningham 

2008 MRI images Posterior fossa 

tumor, feature 

extraction, 

segmentation, 

Prediction, 

Multifractal texture 

and shape, 

Receiver operating 

curves  

3. Fluid vector 

flow and 

application 

1.Tao Wang 

2.Irene Cheng 

2009 MRI images Fluid vector flow 

(fvf), Active 

contour models, 

Brain tumor, 

Segmentation, 

snakes  



International Journal of Advanced Technology in Engineering and Science        www.ijates.com  

Volume No.02, Issue No. 09, September  2014                                        ISSN (online): 2348 – 7550 

99 | P a g e  

 

4. Atlas priors 1.Marcel Prastawa 

2.Elizabeth Bullitt 

3.Nathan Moon 

4.Koen Van Leemput 

5.Guido Gerig 

2003 MRI images Brain tumor 

segmentation, 

Expectation-

maximization, 

Level-set evolution, 

Spatial atlas 

5. Automated 

segmentation 

1.Michael R Kaus 

2.Simon K Warfield 

3.Arya Nabavi 

4.Peter M Black 

5.Ference A Jolesz 

6.Ron Kikinis 

2001 MRI images Brain neoplasms, 

Computer assisted 

neurosurgery, 

Image 

segmentation 

6. Integrated 

Hierarical 

classification 

1.Stefen Bauer 

2.Thomas Fejes 

3.Johannes Slotbom 

4.Roland Wiest 

5.Lutz-P.Nolte 

6.Mauricio Reyes 

 

2012 MRI images Image 

segmentation, 

Integrated 

Hierarchical 

classification, 

Regularization 

7. Posterior fossa 

tumor 

segmentation 

1.Shaheen Ahmed 

2.Khan K.Iftekharuddin 

2011 MRI images Expectation 

maximization(EM), 

Fractal 

dimension(FD), 

Kullback-Leibler 

divergence(KLD), 

MRI modalities, 

Multi-fractional 

Brownian 

motion(mBm) 

 

2.8 Proposed Work in This Paper 

Fuzzy C means (FCM) is a useful technique for the collection. Spatial information can be used to complete the 

image of a typical FCM algorithm. Ant colony optimization algorithm of the search process, this paper bee 

process uses almost identical, but the bee colony optimization and ant colony optimization has some advantages 

in comparison. In recent years, artificial bee colony optimization algorithm for using or finding successful 

salesman problem, etc., the job-shop scheduling optimization problems, including a wide range of travel is 

difficult; however, it is still as the image layer. Display system, unit tests, MR images of the brain tumor has 

been used, which has advantages over earlier, the improved Fuzzy C-Means (FCM) algorithm using a set of 

unusual swelling of the brain with great precision of this method, such as a tumor, it is not efficient. IFCM 

algorithm takes care of only the pixel intensity or images of their location or other features do not consider the 
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characteristics of the neighborhood. As a result, noisy images affect the ability of the algorithm. Fortunately, 

Division of Medical images always lead to serious errors in the operator, a significant amount of noise caused 

by equipment, and the environment, contain. It significantly affects the accuracy achieved by the package, such 

as noise, which is caused by any changes in the intensity of the pixels. 

 

III. CONCLUSION 

 

In this paper to discuss briefly about various brain tumor segmentation methods and techniques. Finally to 

conclude this comparative study may produce the good result comparing the existing techniques. At last to 

mention through the segmentation of integrated hierarchical classification produce the result to deduct the tumor 

for fully automatic segmented, within 4 to 12min, but proposed techniques may produce the result within a few 

seconds. 
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